Chapter 1

IPython Dashboard - Mozilla Firefox

Py IPython Dashboard * B
S @ 127.0.0.1:8888 | |B~ Google aw8e $§ & 2

IPIyl: Notebook

Notebooks Clusters

To import a notebook, drag the file onto the listing below or click here. Refresh New Notebook

/ home / bob /

Notebook list empty

In [1]: import numpy as np
dataset filename = "affinity dataset.txt"
X = np.loadtxt(dataset filename)

In [2]: print(X[:5])
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In [9]: # First, how many rows contain our premise: that a person 1s buying apples
num_apple purchases = @
for sample in X:
if sample[3] == 1: # This person bought Apples
num_apple purchases += 1
print("{0@} people bought Apples".format(num_apple purchases))

36 people bought Apples



In [31]:

In [40]:

premise = 1
conclusion = 3

print_rule(premise, conclusion, support, confidence, features)

Rule: If a person buys milk they will also buy apples

- Confidence: ©.196
- Support: 9

for index in range(5):

print("Rule #{0}".format(index + 1))
(premise, conclusion) = sorted support[index][©]
print_rule(premise, conclusion, support, confidence, features

Rule #1

Rule: If a person buys
- Confidence: ©.659
- Support: 27

Rule #2

Rule: If a person buys
- Confidence: ©.458
- Support: 27

Rule #3

Rule: If a person buys
- Confidence: ©0.694
- Support: 25

Rule #4

Rule: If a person buys
- Confidence: 0.610
- Support: 25

Rule #5

Rule: If a person buys
- Confidence: ©.356
- Support: 21

cheese they will also buy bananas

bananas they will also buy cheese

apples they will also buy cheese

cheese they will also buy apples

bananas they will also buy apples



In [42]:

for index in range(5):

print("Rule #{@}".format{index + 1))
(premise, conclusion) = sorted confidence[index][0]
print rule(premise, conclusion, support, confidence, features)

Rule #1

Rule: If a person buys
- Confidence: 0.694
- Support: 25

Rule #2

Rule: If a person buys
- Confidence: ©.659
- Support: 27

Rule #3

Rule: If a person buys
- Confidence: 0.630
- Support: 17

Rule #4

Rule: If a person buys
- Confidence: 0.610
- Support: 25

Rule #5

Rule: If a person buys
- Confidence: ©.583
- Support: 21

apples they will also buy cheese

cheese they will also buy bananas

bread they will also buy bananas

cheese they will also buy apples

apples they will also buy bananas
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Chapter 3

Qut[47]:

Out[48]:

Date NaN Visitor/Meutral PTS | Home/Neutral PTS | NaN | Notes
Orlando Magic 87 |Indiana Pacers 97 |NaN|NaN
Tue Oct 29 2013 | Box Score | Los Angeles Clippers (103 |Los Angeles Lakers 116 | MaN | NaN
Chicago Bulls 95 | Miami Heat 107 | NaN|NaN
Wed Oct 30 2013 | Box Score | Brooklyn Nets 94 |Cleveland Cavaliers |98 |NaN|NaN
Date Score Type | Visitor Team VisitorPts [ Home Team HomePts | OT? | Notes
0|2013-10-29|Box Score | Orlando Magic 87 Indiana Pacers 97 NaN | NaN
1|2013-10-29 | Box Score | Los Angeles Clippers | 103 Los Angeles Lakers | 116 NaN | NaN
2|2013-10-29 | Box Score | Chicago Bulls 95 Miami Heat 107 NaN | NaN
3|2013-10-30 | Box Score | Brooklyn Nets 94 Cleveland Cavaliers |98 NaN | NaN
412013-10-30 | Box Score | Atlanta Hawks 109 Dallas Mavericks 118 NaN | NaN
5|2013-10-30 | Box Score | Washington Wizards | 102 Detroit Pistons 113 NaN | NaN




Oout[52]:

Date 3::: Visitor Team VisitorPts | Home Team HomePts | OT? | Notes | HomeWin | HomeLastWin | VisitorLastWin
20(2013-11-01 | Box Score | Milwaukee Bucks 105 Boston Celtics 98 NaM |NaN | False False False
21|2013-11-01 | Box Score | Miami Heat 100 Brooklyn Nets 101 NaN [NaN | True False False
22|2013-11-01 | Box Score | Cleveland Cavaliers |84 Charlotie Bobcats |90 NaN |[NaN | True False True
23|2013-11-01 | Box Scare E;::‘r”: Trail 113 Denver Nuggets |98 NaN |[NaN | False False False
24|2013-11-01 | Box Score | Dallas Mavericks 105 Houston Rockets | 113 NaN |NaN | True True True
25(2013-11-01 | Box Score | San Antonio Spurs |91 tzz:;:ge'es 85 NaM |NaN |False  |False True

Qut[57]:
Rk | Team Overall |Home |Road |E w A c SE |..|Post (<3 [210 |Oct |Nov |Dec |Jan |Feb |Mar | Apr
1 |Miami Heat 66-16 |37-4 |29-12|41-11|25-5 |14-4(12-6|15-1|...|30-2 |9-3 [39-8 |1-0 |10-3|10-5(8-5 |12-1|17-1|8-1

Oklahoma City Thunder |60-22 |34-7 |26-15(21-9 |39-13|7-3 |8-2 (6-4 |..|21-8 [3-6 |44-6 [NaN|13-4(11-2(11-5|7-4 |12-5|6-2

0

1|2

2 (3 |San Antonio Spurs 58-24 |35-6 |23-18|25-5 (33-19|8-2 (9-1 (8-2 |..|16-12(9-5 |31-10|1-0 |12-4|12-4(12-3|8-3 |10-4|3-6
3 (4 |Denver Nuggets 57-25 |38-3 |19-22|19-11|38-14|5-56 (10-0(4-6 |..|24-4 |11-7|28-8 |0-1 |88 (96 [12-3|84 |13-2|71
4 (5 |Los Angeles Clippers 56-26 |32-8 |24-17|21-9 |35-17|7-3 (8-2 [6-4 |..|17-9 |3-5 |38-12|1-0 |8-6 |16-0(|9-7 |8-5 |7-7 |71
5 (6 |Memphis Grizzlies 56-26 |32-9 |24-17|22-8 |34-18|8-2 (8-2 (64 |..|23-8 [6-4 |28-9 |01 |12-1|7-7 [10-7|9-2 |11-6|7-2
6 (7 |New York Knicks 54-28 |31-10 |23-18|37-15(17-13|10-6[12-6(15-3|...|22-10(7-5 |31-12|NaN|11-4|10-5(7-6 |6-5 |12-6|8-2
7 |8 |Brooklyn Nets 49-33 |26-15|23-18|36-16(13-17(11-5|13-5|12-6|... | 18-11|9-4 |23-17|NaN|11-4|5-11|11-4|7-5 |87 |7-2
8 (9 |Indiana Pacers 49-32 |30-11 |19-21|31-20|18-12(6-11|13-3|12-6|... | 17-11|4-9 |27-14|1-0 (7-8 [10-5|9-6 |9-3 |11-5(2-5
9

—
(=]

Golden State Warriors  |47-35 |28-13 |19-22|19-11|28-24(7-3 |55 |7-3 |..|17-13|5-3 |20-18|1-0 (86 |12-4|8-7 |4-8 |9-7 (53

Is it raining?

Yes ——— No

Is it hot? Is it windy?




Chapter 4



Step 1:
Create initial frequent itemsets

:

Step 2:
Create candidate itemsets
using supersets of existing
frequent itemsets

'

Step 3:
Test candidate itemsets to
see if they are frequent.
Discard those that are not.

:

Step 4: Yes
Were new frequent itemsets |——
discovered in step 37?

N

Step 5:
Return all discovered frequent
itemsets.
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P(A
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P(B|A)P(A)
P(B)

precision - recall

. precision + recall
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Training set

Possible Authors

Training set

Possible Authors

Possible Author
not in training set

Frequency (log)

Better for:

« Authorship Content =

Word (sorted by rank)







dickson-s

haedicke-m

baughman-d

hyvl-d |-

semperger-c

Actual

keiser-k

grigsby-m |-

rapp-b -

derrick-j

reitmeyer-j

dickson-s haedicke-nbaughman-d hyvl-d semperger-c keiser-k grigsby-m  rapp-b

Predicted

derrick-] reitmeyer-j



Chapter 10







Chapter 11

Image 100

L.~ -
Image 150

L-;

Image 200

Image 250

S

Image 10

Image 60

Image 110

Image 160

Y

Image 210

Image 260

Image 20

Image 70

Image 120

»

. ’ﬁ.'
P

Image 170

Image 220

Image 30

Image 80

@

Image 130

Image 180

Image 230

Image 280

| B

Image 40

i

Image 90

Image 190

S~

Image 240

]

Image 290






Chapter 12







